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MimicMotion: High-Quality Human Motion Video Generation with Confidence-aware Pose
Guidance

https://arxiv.org/pdf/2406.19680
(NeurIPS 20247?)

o DiffusioniC &K 2EIEIE R FEDFHX
. poselE#REH 1 K& LIBEER
o confidencex B AT 3 TEEENDEVEDDEREEEH SposelEETILICKIFEL AL

# Image Encoder
# VAE Encoder
Extract DWPose

i

Reference image

&

Repeat N times

Diffusion x 7
Latent features
Noisy
latent features
Denoised
latent features
VAE
Decoder

Video frames

with confidence

Amplify loss on high-confidence Denoised
regions of body parts video frames

- REEOBEZERT BOBEZLT X

> MCHE
o BHEEI A Moverlapl. EHAfusionZEAT B ETRAKO—BERZRIFTS

3. Totally denoising for 7" steps.
2. Progressively fusing latent features of overlapped frames in every denoising step.

Segment: i-1
Segment: i+1

1

1. Denoising noisy latent
features within each video
segment in every
denoising step.

Segment:

Algorithm 1: Progressive frame-level latent fusion for long video generation.

Input: I, Reference image. Pf : Pose frame corresponding to j-th frame in i-th video
segment; z: The latent feature of j-th frame in i-th video segment; N: the number of
frames in a video segment; C': the number of overlapped frames.

Output: z’: A long sequence of latent features of video frames.

z~N(0,I); // Random initialization of video latent features.
Atusion < 1/(C+1) // Set a scale of latent fusion.
fort =T to 1do // Denoising from noisy latent features step by step.
fori=1,2,... do
| zi < DM(2y, Les, P, t) // Separately denoise each segment.
fori=1,2,... do // Within each video segment.
for j = 1to N do // Start latent fusion for each frame.
ifi >1andj < Cthen // Latent fusion with the previous segment.
) ! ; : NG
‘ 2] < jAtusion] + (1 — jArusion)Zge 1< T
elseif j > N — C then // Latent fusion with the next segment.
" ¢ ) : -t
|zl < (N +1 = )Atusion! + (C = N + ) AusionZs 11 2
return z’ = Merge(z); // Merge multi-segment features following Listing 1.
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TransTIC: Transferring Transformer-based Image Compression from Human Perception to
Machine Perception Image
https://arxiv.org/pdf/2306.05085
(Iccv 2023)
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Hybrid Implicit Neural Image Compression with Subpixel Context Model and Iterative

Pruner
https://ieeexplore.ieee.org/stamp/stamp.jsp?tp=&arnumber=10402791

(VCIP 2023)
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