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ControlNeXt: Powerful and Efficient Control for Image and Video Generation
https://arxiv.org/pdf/2408.06070
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Figure 4. Parameter efficiency of ControlNeXt. We present the
number of learnable parameters with various base models.
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YOLOV10: Real-Time End-to-End Object Detection
https://arxiv.org/pdf/2405.14458
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FreeU: Free Lunch in Diffusion U-Net
https://arxiv.org/pdf/2309.11497
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Adding Conditional Control to Text-to-Image Diffusion Models
https://arxiv.org/pdf/2302.05543
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FedAS: Bridging Inconsistency in Personalized Federated Learning
https://openaccess.thecvf.com/content/CVPR2024/papers/Yang_FedAS_Bridging_Inconsistency_in_Personalized_Feder
CVPR 2024
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